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Abstract - Seeking and Acquiring sentiments and 
suggestions in E-commerce systems imply a sort of trust 
among consumers during shopping. The system uses sentiment 
similarity analysis methodology to possess desired 
functionality. Consumer reviews in E-commerce are treated 
because the most vital resources that reflect their experiences, 
feelings, and willingness to get items. It involves the consumers 
views on things which will express sentiments, and opinions. 
Usually People are more likely to trust one another with an 
equivalent attitude toward similar things. Following this point 
of view, an E-commerce reviews are produced where mining-
oriented sentiment similarity analysis approach is specified for 
estimating user’s similarity and their trust. It’s an E-Commerce 
web application where the registered user will gain the trust 
over the reviews and merchandise features, and therefore the 
system will analyse the comments of various users and may 
rank product.The paper is organized in sections where, we 
present some definitions and explanations related to sentiment 
similarity and trust. A general approach to user’s direct trust 
computation is proposed based on sentiment similarity 
mining. Also, detailed steps of sentiment analysis, and user’s 
propagation trust relation exploration algorithms are 
described. Index Terms—Opinion, E-Commerce Reviews, 
Sentiment Similarity, Trust Reputation System. 
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1.INTRODUCTION  
 
The major factor in any general relationship and especially 
in trade is Trust. There’s a lack of direct trust assessment in 
E-commerce. Whenever we try a new thing, we always look 
up for a guidance and it’s a natural human tendency. It helps 
in increasing faith in doing the act. And when we completely 
believe in our guides we actually inculcate all the best things 
from them and perform well. Eventually we trust the guide. 
Similarly, even in E-commerce we always look up for 
guidelines and directions and statistics to take a decision. 
These all in E-commerce are nothing but the reviews and 
feedback’s given by the user. And when an experienced give 
their feedback, it helps an individual to mould a decision and 
implement it. As there’s no transparency in like in the real 
markets, these reviews and feedback’s play a vital role for 
the user to take a decision. There are various ways to stay it 
secure which are Electronic Signatures and Cryptography, 
but eventually they fail to build a reputation about that 

specific product or service. Hence one can’t easily trust that 
product or service and one have to take additional help. 
When such scenarios occur Trust Reputation Systems (TRS) 
are used in applications that involve E-Commerce in order to 
build trust within the users from the transaction, 
characteristics and past experiences [4],[6]. As a matter of 
fact, any user believes in other user’s past experience and 
thus gain trust about that product. As a result, common 
interests are predicted and acknowledged. 
 
Thus, it is vital to collect feedback’s and reviews so that trust 
assessment can be done easily. The reliability of this 
information must be checked. To verify the reputational 
score of a product positively or negatively TRS seems to be 
an important mechanism to detect purposeful wrong 
information of users. There are various methods to calculate 
trust out of which few are devoted to the semantic analysis 
of textual feedbacks to generate high trust degree. With the 
help of the prefabricated feedback’s, a degree of 
trustworthiness is generated and by text mining algorithm 
hypotheses are analysed in terms of availability and 
realization. Thus, the concordance between the user’s 
appreciation is generated with the help of text mining. 

 

2. RELATED WORKS 
 
There are several TRS architectures with different algorithms 
to obtain the score of the product. A lot of studies have 
devoted in the inclusion of the semantic analysis to obtain the 
trust. Even in a lot of update methods there are a lot of issues 
like credibility of referees, the update of the trust degree of 
the user at any intervention, the age of the rating and 
therefore the feedback or the concordance or the agreement 
between the given rating which may be a scalar value and 
therefore the textual feedback associated to it. Whereas this 
TRS algorithm treats these issues and uses semantic analysis 
of textual feedback’s in order to calculate the trustful score of 
the product. 

2.1 The Relying Party’s Credibility 
 
In E-Commerce we not only need to find the trust factor but 
also propagate them through a network. This network is 
defined by a graph with its nodes related to arcs. It shows 
direct or indirect recommendations and ratings [3],[7]. In 
order to simplify it there is another model where a single arc 
means a single trust relationship between two nodes A and 
B.A group of agents knowing each other can falsely favor a 
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certain agent and hence to evaluate this every single agent is 
analyzed. Thus, the trust degree of the arc as well as the 
nodes is to be taken into consideration. Whereas in our 
approach we use our own algorithm to analyze the user’s 
intervention by his rating and textual feedbacks. After 
verification the user’s recommendation is going to be 
available for other users. This way we have a path relaying 
every user [3],[7]. The most important is to analyze at any 
intervention the user’s attitude in order to deduce the user’s 
intention concerning the rating of that specific product. 
 

2.2 The Trust Update Issue 
 
The date of creation or the establishment of the arc plays a 
vital role in obtaining the trust. The recent ones are more 
trustworthy and hence a date is to be added. The trust 
degree and the earlier participation in rating and 
commenting a product is updated at every intervention. If 
the trust degree is not generated the users are provided with 
“liking” and “disliking” prefabricated concerns. The major 
problem is a lot of fake users provides a fake review. Well in 
our approach if a user gives fake rating, he’s allowed to but 
any moment he changes his identity we consider him as a 
new user and we calculate a new trust degree which plays 
the role of the coefficient according to his rating. In order to 
demonstrate the impact of the mark, the coefficient must be 
higher and vice versa as it is a multiplication as an arithmetic 
operation. If the user is trustful his degree will be higher and 
will have a global impact on the rating. Besides, the use of an 
approach that aims to calculate the trust weight. In fact, once 
the transaction is carried out between the Web Service 
Providers WSP and the Web Service Consumers WSC, a 
reward or punishment is affected to users and WSPs 
according to the accuracy and reliability of their 
recommendations. A focus on the punishment and the 
reward of users is establishes to satisfy the user who asked 
the service. In our model we do not rely upon other users’ 
recommendations as they can be fake as well [4],[6]. Reward 
is given to the user who has high credibility, if they like the 
trustworthy one and are punished if they liked 
untrustworthy one. There are certain levels and degrees 
depending on the trustworthiness of the feedback. 
 

3. RELIABILITY AND TRUST BACKGROUND 
 
In order to estimate trustworthiness of usefulness of web 
content trust and reputation must be aligned closely. This is 
essential because it will help users to access, share and rate 
the content. To decide about the reliability, we need to 
collect more and more information and alter the important 
ones. Certain reputation algorithms are being used and also 
textual feedbacks analysis is implemented to obtain the 
score of the product. 
 

3.1 Definition of Trust 1 
 
The willingness to pay, in online markets, without 
considering the selling price, just trusting the opinion of 

other buyers explains the trust in online markets. In other 
words, the ability to rely on someone, something, its 
trustworthiness and to prove its reliability. A product 
appears to be more reliable on which the users intuitively 
trust from the past experience. And thus, the reliability of a 
product is obtained. Thus, a trust which is not based on 
logical and real experience and analytical examination is 
useless [4],[5]. 
 

3.2 Definition of Trust 2 
 
By relying on a computer, a lot of risks are involved on the 
potential outcomes which in turn helps us on evaluating it 
subjectively. For any user to construct his or her opinion and 
reputation concerning the product is based upon how much 
we can trust on the product and the user’s intervention 
concerning the product [1],[2]. 
 

3.3 Definition of Trust 3 
 
The vulnerability of one agent to another agent interventions 
and their performance history will be as particular 
important action to the trustee, irrespective of the ability to 
monitor or control the other party. These vulnerabilities are 
accompanied by the structured and logical statement with 
well-built arguments and proofs. Rating and semantic 
feedbacks represents trust here. Trust is a collective, shared 
assessment of the unreliable scores and feedbacks [4],[5]. 
 

4. TRUST REPUTATION SYSTEM DEFINITION 
 
A person’s things’ character or standing generally states the 
reputation. Reputation is typically utilized within the sense 
of the community’s general reliability and trustworthiness 
evaluation of a service entity. 
 

4.1 Definition 1: TRS Towards the Buyer, The Seller 
and The Whole Community 
 
Reduction of risk when dealing within transactions and 
interactions online are important class of decision, TRS. 
Trust reputation are tools that help us to evaluate the 
reliability. From the community viewpoint, it represents an 
application of social interaction, moderation and control, 
also as a way to assess trust by improving the standard of 
online markets and communities. 
 

4.2 Definition 2: Robustness of TRS as a Decision-
Making Tool In E- Commerce. 
 
Whether to go through a transaction or not is decided by the 
consumer by TRS which helps in decision making process 
that helps parties to rate to give the customer a better vision 
about the product [6]. Evaluation of the reputation of the 
product, transaction online merchant is done through the 
experience if the users. Whether to trust on the merchant is 
decided by the feedback that is provided by the provider in 
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virtual environments. IN e-Commerce generally one has to 
have a blind trust to anonymous sources. Which is why the 
robust trust reputation systems are supposed to reduce the 
probability of the user is untrustworthy. Thus, the 
robustness depends upon how much it reveals the 
truthfulness in considerable amount of time [4],[5]. 
 

5. OUR TRUST REPUTATION SYSTEM DESIGN 
 
5.1 Algorithm Description. 
 
Generally, it is started by giving an appreciation and a textual 
feedback by the user. When he clicks on submit in order to 
validate the interface will show “please give us your opinion 
about the following feedback’s" before validating the 
information you gave below: From different databases 
different feedback’s will be found [1],[2]. These will help in 
fabrication of numerous feedback’s in another knowledge 
base [1],[2]. Some users provide summarized feedback 
which are added directly [6]. Hence with data mining tools 
we can extract the feedbacks from the database that are 
related to the product and that can recapitulate. Before 
sending the user’s, feedback’s concordance is checked in 
order to avoid and eliminate contradiction and malicious 
programs attacking our system. We can also display the 
minimum and maximum number of feedback’s that a user 
has liked or disliked and those are displayed to the user. 
Behind the intervention on the e commerce application we 
are trying through this redirection and detect and analysis. 
Hence, we examine and evaluate his intention using other 
prefabricated feedback’s with differing types in fact, we've 
already calculated the trustworthiness of every feedback. We 
also make use of reputation algorithm which features a 
coefficient and that they rectify the trust degree and 
generates the score. If the feedback is trustworthy its score 
would be included in [0,5] else it might be included in [-5,0]. 
 

 
Fig -1: Flow Design. 

 
 
 
 

 

5.2 TRS Algorithm. 
 
Semantic feedback used in TRS used in reputation 
algorithms in order to generate a trustful reputation score 
for the product. There are four types of feedback’s: 
 
1) Positive feedback’s: As it suggests they contain all the 
positive point of view about the product! The adjective 
positive determines the nature of the content and not its 
trustworthiness. Thus, it can either have a positive or 
negative trustworthiness. The threshold as such is [-5,5]. 
2) Negative feedback’s: It represents negative point of view. 
This could either be true or far from the truth. The float 
number helps to determine it. 
3) Mitigated feedback’s: These combine both positive and 
negative feedback where some aspect is positive and some is 
negative. They are calculated by the threshold values. 
4) contradictious feedback’s: It implies that at an instance 
the user says positive things about the product but 
periodically they give negative feedbacks. Here semantic 
analysis is done. Actually, before sending the users feedback 
and appreciation about the merchandise to the trust 
reputation system, we've to verify the concordance and 
therefore the alliance between them so we don’t have 
contradiction.  
 
Once the verification is done the user is redirected to the 
selection of prefabricated feedbacks. Once the verification is 
done the concordance will also be verified of textual 
feedback. The function gains knowledge about the user from 
different knowledge base and thus it helps in calculating the 
trust degree. The like and dislike parameters are very 
important as well. After extracting the parameters, we are 
getting to calculate the trust degree of the user taking into 
consideration the sort of trustworthiness of the feedback 
and user choice. We can a parameter id in order to select his 
trust degree of a specific service. This will help us know who 
logged in and will be able retract the history. In fact, the 
function will return the trust degree according to the 
participation of the user. If his trust degree is positive, we 
will think about application before redirection. We consider 
the trust degree of the user as a coefficient and his 
appreciation as a mark. Consequently, to calculate the global 
trust score of the product, we sum all the appreciation values 
multiplied by their respective coefficient and then divide the 
result of the summation on the summation of all coefficients 
[6]. 
 

6. CONCLUSION 
 
In this research paper, we design a Trust Reputation System 
based on the analysis of the user’s attitude toward a gaggle 
of prefabricated textual feedbacks. We propound a 
Reputation algorithm aiming to calculate the trust degree of 
the user according to his subjective choice either “like” or 
“dislike” and consistent with the feedback trustworthiness. 
No one actually believes or has faith in the product that is 
not appreciated much and in electronic transaction it is quite 
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vital. While giving actionable results trust reputation system 
aims at creating trust and propagating it online. Trust scores 
and trust networks are formed to help the user to help in 
believing in the product from an E-commerce application. 
Semantic feed-backs help a lot in this process. Not only the 
semantic feed-backs but also the ratings play an important 
role. This system will help us to experimentally stimulate the 
trust reputation system. As a perspective, we will relieve 
these assumptions in our experimental analysis to more 
extensively evaluate the effectiveness, the robustness and 
thus the improvement Contribution of our Trust Reputation 
System. 
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