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Abstract - Review content, and the fact that reviews are
highly diverse and often unnecessarily verbose, users
frequently face the problem of selecting the appropriate
reviews to consume. Micro-reviews are emerging as a new
type of online review content in the social media. Micro-
reviews are posted by users of check-in services such as
Foursquare. They are concise (up to200 characters long)
and highly focused, in contrast to the comprehensive and
verbose reviews propose a novel mining problem, which
brings together these two disparate sources of review
content. Specifically, we use coverage of micro-reviews as
an objective for selecting a set of reviews that cover
efficiently the salient aspects of an entity. Our approach
consists of a two-step process: matching review sentences
to micro-reviews, and selecting a small set of reviews that
cover as many micro-reviews as possible, with few
sentences. We formulate this objective as a combinatorial
optimization problem, and show how to derive an optimal
solution using Integer Linear Programming. We also
propose an efficient heuristic algorithm that approximates
the optimal solution (data collected from Foursquare and
Yelp).
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1. Introduction

In this thesis they can find sample review content in
various Web sources. For instance, Yelp.com is a popular
site for restaurant reviews, assisting diners to plan
restaurant visits. While useful, the deluge of online
reviews also poses several challenges. Readers are
inundated by the information overload, and it is becoming
increasingly harder for them to weed out the reviews that
are worthy of their attention. This is worsened by the
length and verbosity of many reviews, whose content may
not be wholly relevant to the product or service being
reviewed.
With the recent growth of social networking and micro
blogging services, they observe the emergence of a new
type of online review content. This new type of content,
which we term micro reviews, can be found in micro-
blogging services that allow users to “check-in”, indicating
their current location or activity.

For example, at Foursquare, users check in at local
venues, such as restaurants, bars or coffee shops. After

checking in, a user may choose to leave a message, up to
200 characters long, about their experience, effectively a
micro-review of the place. In addition to Foursquare, there
are also alternative sources for micro-reviews in several
domains. For instance, Facebook Places, Jiepang (in
Chinese) and VK (in Russian) feature similar services,
while Get Glue (now TV tag) allows users to check in to TV
shows, movies, or sports events, and Flick tweets to post
micro reviews on movies. Following the Foursquare
terminology, in this they will refer to all micro-reviews as
tips. Micro-reviews serve as an alternative source of
content to reviews for readers interested in finding
information about a place.

They have several advantages. First, due to the
length restriction, micro-reviews are concise and distilled,
identifying the most salient or pertinent points about the
place. Second, because some micro-reviews are written on
site, right when the user has checked in, they are
spontaneous, expressing the author’s immediate and
unadulterated reaction to her experience. Third, because
most authors check in by mobile apps, these authors are
likely at the place when leaving the tips, which makes the
tips more likely to be authentic.

Micro-blogging sites also have the ability, if
necessary, to filter out tips without an accompanying
check in, thus, boosting the authenticity of the tips. Given a
collection of reviews, and a collection of tips about an item,
we want to select a small number of reviews that best
cover the content of the tips. This problem is of interest to
any online site or mobile application that wishes to
showcase a small number of reviews.

For example, review sites such as Yelp, which
recently introduced tips as part of their mobile
application, would benefit from such a review selection
mechanism.

Similarly for review aggregation sites such as
Google Local. The need for concise and comprehensive
content becomes especially more pronounced for the
mobile applications of such sites, where the screen real-
estate is limited, and the user attention span is shorter.
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2. Literature survey

Papers of Mining Reviews

[1]T. Lappas, M. Crovella, and E. Terzi, [Selecting a
characteristic set of reviews] in this formally define the
Characteristic-Review Selection problem and prove that it
is NP-hard both to solve and approximate. Propose three
heuristic algorithms for selecting a characteristic review
set, which we evaluate on a wide range of review datasets
from different domains. The results indicate that
algorithms are consistently able to find a compact set of
reviews that yields a highly accurate approximation of the
set of opinions in the corpus.it seeks to preserve the
distribution of positive and negative comment. But it can’t
generalized to arbitrary domain.

[2]P.Tasaparas,A.Ntoulas,E.Trezi,[Selecting a
compehensive Set of Reviews], which formulates the
review retrieval problem as a maximum coverage problem
and tries to select a small number of high-quality reviews
having different view-points and covering a maximum
number of different aspects reviewed product(+,-).provide
authentic review using TOPQLT Y algorithm sorting
technique problem is based on limited review set.

[3] T. Lappas and D. Gunopulos,|[ Efficient confident
search in large review corporal, In this they formalize
the Confident Search paradigm for review corpora, then
present a complete search framework which, given a set of
item attributes, is able to efficiently search through a large
corpus and select a compact set of high-quality reviews
that accurately captures the overall consensus of the
reviewers on the specified attributes, also introduce
CREST (Confident Review Search Tool), a user-friendly
implementation of our framework and a valuable tool for
any person dealing with large review corpora. It is
equipped with an efficient method for (filtering
redundancy. The filtered corpus maintains all the useful
information and is considerably smaller, which makes it
easier to store and to search. Problem is this system work
on artificial review.

[4] P.Sinha,S.Mehrotra,.Jain,[ Summarization of
personal photo log using multidimensional content
and context ], It propose a framework for generation of
representative subset summaries from large personal
photo collections. These summaries will help in effective
sharing and browsing of the personal photos. We define
three salient properties: quality, diversity and coverage
that an informative summary should satisfy. Propose
methods to compute these properties using
multidimensional content and context data. Also propose
metrics which will evaluate the photo summaries based on
their representation of the larger corpus and the ability to
satisfy user's information needs.

[5] W. yu,R.Zang,X.he,C.sha,[ Selecting a diversified set
of reviews] In this they proposed an approach to select a
small set of representative reviews for each product.
Which shall consider both the attribute coverage and
opinion diversity.it provide better diversification result
especially for selecting smaller sets of review.

[6] M.A.Vasconcelos,S.Ricci,].Almedia,V.Almedia,[ Tips,
dones and todos: Uncovering user profiles in
foursquare], In this paper, they analyse how Foursquare
users exploit these three features - tips, dones and todos
uncovering different behaviour profiles. Also provide
evidence of spamming, showing the existence of users that
post tips whose contents are unrelated to the nature or
domain of the venue where the tips were left. Not recover
attack actions on Foursquare.

[7] Q. Yuan, G. Cong, Z ma, A. Sun, [Time-Aware Point-
of-interest Recommendation], User’s check-in behaviors
is influenced by temporal and spatial influences. This
paper defines a new problem: time-aware POI
recommendation problem. Propose a solution to make use
of the temporal and spatial influences. The experimental
results show that the proposed methods beat all baselines,
and improve the POl recommendation performance by
40% over the state-of-the-art method.

Papers on Review findings

[8] Yue Lu_ Panayiotis Tsaparas Alexandros Ntoulas
Livia Polanyi [Exploiting Social Context for Review
Quality Prediction], they exploit contextual information
about authors’ iden- tities and social networks for
improving review quality prediction. Propose a generic
framework for incorporating social context information by
adding regularization constraints to the text-based
predictor. Our approach can effectively use the social
context information available for large quantities of
unlabeled reviews. It also has the advantage that the
resulting predictor is usable even when social context is
unavailable. We validate our framework within a real
commerce portal and experimentally demonstrate that
using social context information can help improve the
accuracy of re- view quality prediction especially when the
available training data is sparse. Not provide review
rating, not used any technique for predicting quality of
each review, not rank set of reviews.

[91 A.Ghose,P.G.Ipeirotis[Designing Novel Review
Ranking Systems:Predicting Usefulness and Impact of
Reviews] in this they can identify quickly reviews that are
expected to be helpful to the users, and display them
improving significantly the usefulness of the reviewing
mechanism to the users of the electronic marketplace it
rank reviews work relay on a supervised regression or
classification approach using helpfulness votes.it not
provide quick review, not examine numeric rating review,
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high sentimental review of product that user need is not
provided.

Papers on Summarization

[10] K.Ganesan, C.Zhai, and ]J.Han [Opinosis: A Graph
based approach to abstractive summarization of
highly redundant opinion], present a novel graph-based
summarization framework (Opinosis) that generates
concise abstractive summaries of highly redundant
opinions. Evaluation results on summarizing user reviews
show that Opinosis summaries have better agreement
with human summaries compared to the baseline
extractive method. The summaries are readable,
reasonably well-formed and are informative enough to
convey the major opinions. Problem is a graph emphasizes
too much on the surface order of words. As a result, it
cannot group sentences at a deep semantic level.

[11] K.Ganesan,C.Zhai,E.Viegas [Micro  pinion
Generation: An Unsupervised Approach to Generating
Ultra-Concise Summaries of Opinions], It generate set of
non-redundant phrases in short(2-5 words) called
Micropinion propose optimization framework to capture
compactness, representativeness and
redability.Optimization framework to generate ultra-
concise summaries of opinions our approach is
unsupervised lightweight, Problem is It only uses the
existing text and a web scale n-gram model to generate
meaningful summaries. Also, do not use any opinion
specific refinements; this method is not useful to other
domains.

Mains

Papers on Mining Micro-review

[12] Bernard J. Jansen and Mimi ZhangKate
Sobel,Abdur Chowdury,[Twitter Power: Tweets as
Electronic Word of Mouth ],micro blogging as a form of
electronic word-of-mouth for sharing consumer opinions
concerning brands, they analyzed more than 150,000
micro blog postings containing branding comments,
sentiments, and opinions. Compared automated methods
of classifying sentiment in these micro blogs with manual
coding. Using a case study approach, we analyzed the
range, frequency, timing, and content of tweets in a
corporate account.poblem is it not investigates
occurrences of brand hijacking on micro blogging service.
As with most information services on the Web, micro
blogging sites are susceptible to adversarial and
spamming maneuvers, and brand hijacking appears to be
an early form of adversarial methods.

[13] Efthymios Kouloumpi ,Theresa Wilson ,Johanna
Moore ,[Twitter Sentiment Analysis: The Good the Bad
and the OMG!], investigate the utility of linguistic features
for detecting the sentiment of Twitter messages We take a

supervised approach to the problem, problem is selection
of good feature set for input

[14] Y. Lu, C. Zhai, and N. Sundaresan, [Rated aspect
summarization of short comments], To extract the
aspects covered by a review and the sentiment polarity
off-the-shelf tools for supervised Unsupervised
techniques, e.g., topic modeling, have also been applied .
Such approaches, although generally successful related
work focuses on very short comments on eBay left by
buyers about sellers, but the problem there was to extract
aspects from the Comments, cannot generalize to arbitrary
domains. However they suffer from the broadness of the
topic definition.

3. Proposed System

Most of the previous work on Foursquare or other check-
in services does not view them as a source of micro-
reviews, but rather as location-based social networks
(LBSN), and it addresses problems such as mining user
profiles, movement patterns, privacy, or POI
recommendation. First, in terms of formulation, we seek to
represent micro-reviews, rather than attributes. Second, in
terms of approach, we introduce the efficiency
requirement to the coverage formulation. To compare
against approaches that focus on coverage but not
efficiency
1. in terms of formulation, we seek to represent
micro-reviews, rather than attributes terms of
approach, we introduce the efficiency
requirement to the coverage formulation
2. Our coverage formulation is different in how both
constraints of cost and count apply
3. Our work is also related to review summarization,
where the goal is to gain a quick overview of the
underlying corpus of reviews
4. Our objective is closer to
summarization (using reviews).
5. introduce the use of micro-reviews for finding an
efficient set of reviews, which is novel in the
objective of micro review coverage, as well as in
the efficiency constraint
6. Describe an optimal algorithm based on Integer
Linear Programming.
7. Since the problem is NP-hard, we also propose a
greedy algorithm

micro-reviews
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Proposed system view
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Fig.1 Block diagram of proposed system
3. Result analysis discussion

1. For semantic similarity, we train using NB (naive
bias) topic models using the Cosine similarity.
Because topic modeling is probabilistic, we
average the semantic similarity over ten runs.

2. To determine the sentiment polarity of each

sentence and tip, we train a sentiment classifier

using the dictionary(related keyword, keyword
extraction) with textual features

use precision and recall at the pair

vary the number of topics

5. Threshold n. We experiment with different values
for the threshold n on the probability of matching
we increase the threshold h, the precision
improves significantly

6. The percentage of tips that are covered by at least
one sentence in some review.

7. We also experimented with temporal similarity
(how close in time a tip and a review) were an
additional feature for the matching classifier

8. investigate the effectiveness of our algorithms in
terms of coverage and efficiency on given the
matching between review sentences and tips

9. Compare the EFFMAXCOVERAGE formulation
with the EFFSETCOVER formulation.

- w

10. compare the proposed greedy algorithm against
the optimal solution

3. Future Scope

1. We Add opinion mining.

2. Present best solution what is reason behind
negative opinion

3. Develop new algorithm for negative opinion.

4. Develop KNN algorithm to show causes of
negative review,

5. Develop NB algorithm for Semantic similarity ,use

Cosine similarity,

Create Keyword Dictionary for Textual features

Select Top K Reviews using KNN.

8. Find frequent common negative word.

No

3. CONCLUSIONS

We introduce the use of micro-reviews for finding an efficient
Set of reviews, which is novel in the objective of micro review
Coverage, as well as in the efficiency constraint. We describe an
optimal algorithm based on Integer Linear Programming. Since
the problem is NP-hard, we also propose a greedy algorithm,
which is virtually identical to the optimal solutions in coverage
and efficiency, but it is much faster computationally. Evaluation
over corpora of restaurants’ reviews and micro-reviews shows
that our approach outperforms the baselines in discovering
review sets consisting of compact, yet informative reviews.
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