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Abstract - Startup evaluation is an essential component in 
determining the feasibility and success of early-stage 
businesses. Because traditional approaches rely on human 
opinion and scattered, unstructured data, they may lead to 
inconsistent results. This paper presents, Innovise, an AI-
powered platform available as both a web and mobile 
application that offers an approach to startup evaluation and 
strategic help. Innovise makes it easier to evaluate along 
important dimensions, including viability, market demand, 
scalability and sustainability. The platform’s several 
interconnected components include investor matching, 
competition analysis and chatbot-based advising support. 
Each feature of the application utilizes understanding from 
both structured and unstructured data sources to increase the 
reliability of strategic decisions. By integrating models from 
innovation management, entrepreneurial strategy, and 
artificial intelligence, Innovise serves as a holistic decision-
support system. This study looks at the platform’s conceptual 
framework, underlying methodology, and prospective effects 
in order to position it as a helpful tool for entrepreneurs, 
investors and ecosystem participants seeking data-driven 
evaluation and guidance. 
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1.INTRODUCTION  
 
Globally, the startup ecosystem has become an important 
force behind technological disruption, economic growth, and 
innovation. Startups are renowned for going beyond the 
norm, challenging established markets, and coming up with 
novel approaches for critical problems. Despite this, the 
majority of firms fail in their early phases, despite their 
increasing potential and reputation. According to research, 
more than 90% of businesses fail within the first five years, 
mostly as a result of avoidable issues like insufficient 
business models, a lack of product-market fit, a lack of 
competitive knowledge, and limited access to funding and 
mentorship 

Evaluating and validating the business idea is one of the 
main obstacles in the startup process. Founders frequently 
lack organized resources to evaluate the viability, scalability 
and sustainability of their ideas. Instead of data-driven 
insights, decisions are often dependent on personal 
experience or intuition. Conventional evaluation techniques 
such as investor pitch decks and company plane reviews are 
time-consuming, subjective and fragmented. Also, in 
developing markets or underdeveloped areas, aspiring 

business owners might not have access to investors, market 
analysis or mentors. 

At the same time, there is a chance to revolutionize startup 
evaluation through the development of digital technologies, 
particularly in the areas of artificial intelligence (AI), 
machine learning (ML), and business intelligence. Large 
amounts of both organized and unstructured data may be 
analyzed by intelligent systems, which can also identify 
trends, assess hazards, and offer useful insights. However, 
the existing set of digital tools for entrepreneurs is 
inadequate and fragmented. Existing platforms frequently 
focus on certain aspects, such as pitch deck preparation, 
financial modeling, or investor directories, rather than 
providing a comprehensive, end-to-end solution for startup 
assessment and advice. 

To address these important gaps, this paper offers Innovise, 
an AI-powered platform that reimagines how startups are 
evaluated and supported in their early phases of 
development. Innovise is a comprehensive, data-driven, and 
intelligent system that helps entrepreneurs validate their 
business ideas, analyse competition, identify market gaps, 
match with suitable investors, and plan strategic execution 
using an integrated web and mobile interface. 

The Innovise platform, built with a powerful technology 
stack that includes Next.js, Flutter, MongoDB, Machine 
Learning, Selenium, and python microservices comprises 
multiple interconnected modules, each addressing an 
important problem of startup evaluation. 

 The Idea Validator Dashboard produces a thorough 
Success Score for each company idea based on four 
key dimensions: market demand, feasibility, 
scalability, and sustainability. Each indicator is 
supported by machine learning models and 
thoroughly explained, allowing entrepreneurs to 
identify their strengths and places for progress. A 
comprehensive SWOT (Strengths, Weaknesses, 
Opportunities, and Threats) analysis is also 
performed. 

 Competitor Analysis Engine: By scraping and 
collecting data from successful and failing startups 
(e.g., Crunchbase, Shark Tank), this module allows 
startups to compare their ideas to existing market 
participants.  It identifies direct and indirect 
competitors and focuses on their strategic strengths 
and weaknesses. [1] 

 Market Gap Analyzer: This feature allows users to 
choose a domain of interest and then receive an 
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analysis of current gaps or unmet demands in that 
industry.  This enables startups to find white-space 
possibilities and strategically place their solutions. 

 Business Pathway Generator:  This module 
generates a personalized, step-by-step execution 
roadmap based on the startup's profile, which 
includes industry, stage, location, and revenue 
model.  The pathway includes product creation, go-
to-market strategies, operations, team building, and 
scaling. 

 Investor Matching System: Innovise has a robust 
matching engine that connects startups with 
relevant investors based on sector focus, funding 
history, and geographic proximity.  A confidence 
score is generated to reflect the likelihood of 
investor interest, allowing entrepreneurs to better 
prioritize outreach efforts. 

 AI Chatbot Assistant: To improve customer 
assistance and engagement, the platform includes 
an AI-powered chatbot that delivers immediate 
help, explains platform capabilities, answers 
startup-related questions, and makes strategic 
recommendations. 

By uniting all these functions within one intelligent platform, 
Innovise minimizes the fragmentation that besets existing 
solutions, creating a unified, intelligent, and scalable solution 
for early-stage business growth.  It brings together business 
theory, machine learning, and real-world data to generate 
focused, actionable findings that enhance the likelihood of 
firm success. This research paper shares the inspiration that 
drove Innovise, its system architecture, its fundamental 
algorithms driving its insights, and the implications of the 
platform for changing the startup support space. Innovise 
hopes to be more than an instrument for future 
entrepreneurs, bridging academic concept with real-world 
application. 

Given the increased interest in using artificial intelligence to 
ecosystems for entrepreneurs, Innovise makes an important 
contribution to the interdisciplinary field that combines 
technology, business strategy, and decision sciences. It 
represents a practical application of AI-powered decision 
support systems (DSS) in the startup area, providing a 
scalable model for real-time evaluation and strategy 
creation. From an academic standpoint, this platform 
provides opportunities to investigate how machine learning 
algorithms may replicate or complement expert evaluations, 
as well as how data-driven models influence entrepreneurial 
behaviour and success rates. Practically speaking, Innovise 
has the ability to lower company failure rates by providing 
intelligent, accessible tools to non-technical founders and 
early-stage teams. The methodology described in this study 
has the potential for broader application in startup 
incubators, accelerators, investment platforms, and 
academic institutions, all of which strive to stimulate 

innovation and entrepreneurial success. By utilizing 
organized, data-driven evaluation and guidance systems, 
these organizations can improve their ability to nurture 
high-potential initiatives and encourage innovation in a 
scalable, evidence-based manner. 

 

2. LITERATURE SURVEY 
 
Maarouf, Feuerriegel, and Prollochs introduce a fused large 
language model (LLM) that forecasts business performance 
by analyzing both structured (like startup age and founder 
count) and unstructured (like textual descriptions from 
Crunchbase profiles) data.   The algorithm demonstrated how 
forecast accuracy is significantly increased by textual self-
description, highlighting the significance of unstructured data 
in evaluating startup potential.   The primary findings 
indicate that textual descriptions are a very reliable predictor 
of startup success and that combining structured and 
unstructured data improves model performance.   The 
potential deletion of crucial private information because this 
article relies on publicly available data and the untested 
model's applicability to startups other than Crunchbase 
profiles are among its drawbacks. [2] 
 
Potanin, Mark, et al. assert that the research employs deep 
learning models along with fundraising metrics and founder 
traits to predict firm performance at Series B and C rounds of 
investment. The practicality of the idea is illustrated by 
applying a back testing method that replicates venture capital 
investment protocols. The simulated venture capital portfolio 
of the research increased in value 14 times. It identified early-
stage high-potential companies such as GitHub and Revolut 
early on. [3] Its use for early-stage assessment is restricted as 
it focuses on later-stage companies. The performance of the 
model may vary in different industries and geographies.  
 
Yin Dafei, Jing Li, and Gaosheng Wu addressed a typical 
challenge for early-stage startups — there was not enough 
reliable, structured data to make decisions with. In their 
research, they used machine learning algorithms, LightGBM 
and XGBoost specifically, to test whether the machines could 
actually predict startup success. But instead of simply 
trusting the raw output, the researchers considered why 
these models made those choices. Through investigation into 
which conditions weighted most in their predictions, they 
sought to uncover actionable insight for founders and 
investors. What they found was interesting: attributes such as 
the startup's business model, founding team background, and 
early funding information were major drivers of outcomes. 
But the models only marginally succeeded at prediction, with 
F1 scores just above 52%. [4] While that indicates promise, it 
also highlights a key limitation — the models had trouble 
with sparse data, a characteristic problem in early-stage 
analysis where startups just don't have a lot of history. The 
most important lesson from their research is that although 
machine learning can provide excellent advice, how well it 
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can do so depends on the amount and quality of input data. 
Nevertheless, the research is a significant step in the 
direction of making startup appraisals more systematic and 
fact-based, and it provides some insight into the potential for 
technology to augment human judgment in early, high-stakes 
business choices.  
 
The Dellermann, Dominik, et al paper suggests design 
principles for a Hybrid Intelligence Decision Support System 
(HI-DSS) that integrates human and machine intelligence to 
verify business models in uncertain situations. The research 
highlights the complementary capabilities of humans and AI 
in decision-making. HI-DSS improves decision-making in 
uncertain and complex startup situations. Integrating human 
intuition with AI analytics results in stronger assessments. 
Implementation complexity can inhibit adoption in startups. 
Needs to be properly calibrated to optimally balance human 
and machine inputs. [5] 
 
CapitalIVX is a machine learning model that has been created 
to forecast startup success, like IPOs or acquisitions, based on 
large Crunchbase data. [6] The model had good out-of-sample 
accuracy, implying its potential for use in venture capital 
screening activities. Accuracy for predicting startup success 
ranges from 80-89%. Ensemble models work well in dealing 
with various features sets of startup data. Model performance 
tends to decrease when used for startups with sparse public 
data. It does not incorporate macroeconomic forces affecting 
startup success.  
 
The study uses Generative Adversarial Networks (GANs) to 
balance datasets in order to address biases in startup success 
prediction models. The method increases prediction fairness 
and accuracy, especially for startup policies that are 
underrepresented. GANs successfully address the problem of 
data imbalance in training datasets. improved model equity 
across various startup groups. GANs demand a significant 
amount of computing power and knowledge. Model reliability 
may be impacted by artifacts introduced by synthetic data 
production. [7] 
 
Exploring determinants of funding success in generative AI 
startups, the study reveals investor networks' dominance 
over technology progress. Powerful investor connections play 
a crucial role in obtaining funding, according to the study. 
Investor power substantially increases funding success 
among generative AI startups. [8] Technology progress 
cannot, by itself, ensure the acquisition of funding. Results 
cannot be generalized across other non-AI startup industries. 
Based on information from one period, with the possibility of 
reduced temporal applicability.  
 
Using sentiment, engagement, and emotion expressions, the 
study explores the use of AI to evaluate startup video pitches 
for efficacy. The methodology helps entrepreneurs make 
their pitches better by providing feedback on pitch quality. 
The assessment of AI confirms its evaluation potential and is 

consistent with financing success. It provides useful advice 
for improving pitch quality. The performance of the model 
may vary depending on the cultural and linguistic context. 
For analysis to be effective, high-quality video data is 
required. [9] 
 
The research uses tree-based models such as XGBoost to 
make predictions of startup success using Crunchbase data. It 
seeks to explore how machine learning can be used to assess 
the viability of startups through determining key success 
factors. The XGBoost model had a strong accuracy of 88.1% 
beating other models. [10] Key features for making 
predictions were previous funding, size of employees and 
type of business. The data can be skewed towards funded or 
U.S.-based startups. Generalizability to emerging market 
startups is uncertain.  
 
The study by Samudra, V. C., and Satya, D. P. aims to increase 
the effectiveness of startup investment choice through 
predictive modeling to assess probable business success 
early in the startup's life. [11] Predictive modeling helps 
investors to choose high-value startups. There is a methodical 
assessment structure that can limit investment risk. Models 
need superior data, usually not available to early-stage 
startups. External information such as market volatility is 
also not entirely encapsulated.  
 
The Bhattacharya, Dishan paper uses several models (e.g., 
CatBoost, LightGBM) to find out which features most 
significantly impact startup outcomes. Market sector, 
founding team experience and total funding have a major 
impact on outcomes. CatBoost was slightly better than others 
because it can better handle categorical variables. Feature 
engineering was constrained by publicly available data. 
Complicated relationships such as team dynamics and timing 
were not captured. [12] 
 
The paper suggests a complete machine learning process to 
drive the startup evaluation process from data gathering to 
model validation. An explicit machine learning pipeline 
enhances transparency and reproducibility. [13] 
Stakeholders such as VCs and incubators can utilize this for 
decision-making. The process is general and might not 
capture sector-specific idiosyncrasies. Manual features 
labeling presents possibility of bias.  
 
Hu, Junfeng, Xiaosa Li, Yuru Xu, Shaowu Wu, and Bin Zheng's 
study assesses the investment value of companies with 
LightGBM, XGBoost and an ensemble (stacking) model with 
high feature set. LightGBM had RMSE of 3.059, and the 
stacked model brought it down to 3.047. [14] Tree-based 
models are suitable for feature importance analysis and 
dimensionality reduction. Risk of overfitting due to high 
feature dimensionality. Depends heavily on structured data; 
unstructured or qualitative factors are not considered.  
 



          International Research Journal of Engineering and Technology (IRJET)       e-ISSN: 2395-0056 

               Volume: 13 Issue: 03 | Mar 2026              www.irjet.net                                                                          p-ISSN: 2395-0072 

  

© 2026, IRJET       |       Impact Factor value: 8.315       |       ISO 9001:2008 Certified Journal       |     Page 1695 
 

The thesis provided by Sharchilev, Boris, Michael Roizner, 
Andrey Rumyantsev, Denis Ozornin, Pavel Serdyukov, and 
Maarten de Rijke utilize domain adaptation methods to 
enhance startup valuation prediction in fundraising. [15] 
Models adapted better in certain fields such as tech startups. 
Adding causal discovery assisted in determining which 
factors influence funding results. Concentrated on valuation 
rather than long-term achievement. Web-derived data could 
be outdated or incomplete, impacting reliability.  
 
The paper proposed by Razaghzadeh Bidgoli, Mona, Iman 
Raeesi Vanani, and Mehdi Goodarzi introduce a machine 
learning approach that seeks to forecast the viability of early-
stage startups. From Crunchbase data and social media, the 
authors created clustering and classification models to 
determine startup viability. The model is focused on 
interpretability by using SHAP (SHapley Additive 
exPlanations) and permutation feature importance 
techniques, offering insights into the drivers of startup 
success. The highest accuracies of 82% and 80% were 
obtained for the classifying algorithms used using Random 
Forest and Gradient Boosting, respectively. These performed 
better than other algorithms such as Multilayer Perceptron, 
Logistic Regression, and Support Vector Machine. Some of the 
key features affecting startup success were determined with 
the analysis conducted utilizing SHAP values: Number of 
LinkedIn followers, Number of LinkedIn employees, Number 
of Twitter followers, Last funding size, Time from the fifth 
year. The research also utilized clustering algorithms (K-
means, hierarchical, and DBSCAN) to cluster startups in 
terms of analogous features. K-means clustering performed 
best at a silhouette measure of 72%, aiding the separation of 
different startup profiles. The data set was made up mainly of 
Y Combinator-backed companies between 2014 and 2018 
and therefore may be subject to constraints of external 
validity across other incubators or years. Using available 
public data on social media and Crunchbase may capture 
other informative features not covered by these data sets. 
The models can potentially miss the temporal dynamics of 
startup formation and changing market over time, with 
potential effects on prediction performance on more recent 
ventures. [16] 
 

3. RESEARCH GAP 
 
In the vibrant entrepreneurial environment of today, early-
stage startup evaluation is a challenging and subjective 
endeavour. Although there are numerous platforms for 
investors and incubators to evaluate startups, these 
platforms often fail to provide comprehensive, clear, and 
data-driven information. The majority of tools are based on 
isolated metrics, are not explainable in their results, and are 
confined to only web or mobile platforms limiting exposure 
and use by a wider community. In addition, the lack of 
confidence scoring and real-time data integration reduces 
the credibility and efficiency of such tools even more. 
Existing solutions often suffer from the following limitations: 

 Broken Evaluation Parameters: The majority of the 
tools evaluate startups on limited parameters (such 
as funding or market size), disregarding important 
factors like founder strength, innovation, scalability, 
and competitive edge. 

 Transparency and Explainability Shortfall: Existing 
systems tend to be black boxes, making 
recommendations without transparent reasons. 
They don't provide confidence scores or 
explanations for their ratings, making it hard for 
users to believe or act on the insights presented. 

 Limited Availability Across Platforms: Few if any 
solutions exist as both web and mobile platforms, 
restraining accessibility for a variety of users like 
early-stage entrepreneurs, investors, and analysts 
who might need to use insights on-the-move. 

 Inadequate Real-Time Intelligence: There is a 
significant lack of platforms that use real-time 
aggregation of data from places like GitHub, 
Crunchbase, patent databases, shark tank or social 
signals in order to make informed assessments. 

 Limited AI Utilization for Multi-Factor Decision 
Making: Though numerous tools apply rudimentary 
analytics, sophisticated AI/ML-driven multi-criteria 
decision support systems analyzing early-stage 
startups in a comprehensive manner are yet to be 
found in practice. 

 No Personalization in Investor-Startup Matching: 
Existing platforms hardly employ smart 
matchmaking engines applying startup parameters 
and investor profiles to suggest perfect matches. 

Through filling these gaps, Innovise offers an AI-driven, 
explainable, and cross-platform solution based on a 
confidence score to openly justify startup assessments, and 
offers the system as both a web and mobile application to 
enhance accessibility, engagement, and decision-making. 
 

4. METHODOLOGY 
 
In the current fast-paced business world, innovators and 
entrepreneurs find it difficult to test their ideas efficiently 
because of the constraints of conventional testing methods. 
These methods tend to be based on subjective judgment and 
piecemeal data, resulting in poor predictions regarding the 
viability of a startup. Furthermore, the growing focus on 
ethical and sustainable business practices introduces 
another level of complexity since most innovators do not 
have the tools to integrate their ideas with these changing 
standards. Without a systematic, data-driven approach, there 
are high failure rates, wasted resources, and lost 
opportunities for founders and investors alike. To support 
these challenges, there is a compelling necessity for an AI-
based validation platform that can systematically evaluate 
startup viability, recognize market gaps, and make 
actionable recommendations to sharpen business strategies 
while incorporating ethical and sustainable considerations 
into the evaluation process. 
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The AI Startup Validator is an integrated platform that is 
intended to scientifically analyze and hone startup ideas 
using sophisticated data analytics and artificial intelligence. 
Two core datasets underpin the system: a methodically web-
scraped proprietary startup dataset certified by Shri 
Bhagubhai Mafatlal Polytechnic's Incubation Center, with 
extended parameters on business models, value 
propositions, and team structure; and an exhaustive investor 
dataset from Kaggle that reflects investment trends and 
industry preferences. These datasets drive six integrated 
modules that function together to offer holistic startup 
validation. The Idea Validation Dashboard utilizes ensemble 
machine learning methods to evaluate venture potential, and 
the Competitor Analysis module determines market 
positioning via similarity algorithms. Actionable Business 
Pathways are generated by the system using generative AI, 
comprehensive Market Gap Analysis is performed to 
determine opportunities, and optimal Investor Matching is 
achieved via intelligent recommendation systems. An AI-
driven Chatbot with retrieval-augmented generation offers 
contextual assistance throughout validation. This two-
dataset design guarantees all analysis is rooted in 
entrepreneurial traits as well as investment conditions, 
forming a strong methodology for startup assessment that 
fills the gap between new ideas and marketplace success. 
Ethical data management is prioritized in the platform's 
construction, with institutional regulation guaranteeing the 
integrity and applicability of its analytical foundations. A 
breakdown of each of the components is as follows: 
 
The Idea Validation Dashboard is the core module in which 
users provide important information regarding their startup 
through a guided questionnaire. The questionnaire records 
important parameters like Startup Name, Problem/Need, 
Unique Selling Proposition (USP), Target Segment, Industry, 
Location, Team Size, Team Background, Stage, and Revenue 
Model. When submitted, the system processes these inputs 
through a multi-criteria scoring algorithm that analyzes four 
important dimensions: 

 Feasibility (technical and operational feasibility) 
 Market Demand (customer need and growth 

potential) 
 Scalability (expansion capability across markets) 
 Sustainability (environmental, social, and 

governance alignment) 
 
The algorithmic system gives an immediate quantitative 
valuation of a Success Score (0-100). The system further 
creates a qualitative SWOT analysis (Strengths, Weaknesses, 
Opportunities, Threats) by correlating the startup's 
characteristics against industry standards and past success 
trends. This SWOT analysis is driven by an NLP model that 
has been fine-tuned to understand qualitative inputs (such 
as problem statements, USPs) and align them with 
understood industry trends. 
 

The Competitor Analysis module recognizes and ranks 
similar competitive startups or ventures on similarity 
measurements. The software compares the startup of the 
user with a private database of firms already existing within 
three major criteria using cosine similarity and semantic 
embeddings: 

 Industry (sector matching) 
 Target Segment (customer similarity) 
 USP (strength of differentiation) 

Every competitor is given a similarity score (0-1), and the 
results are given in a ranked list with detailed profiles, 
including their business model, funding history, and market 
positioning. This module assists entrepreneurs in identifying 
direct and indirect competitors as well as finding gaps in the 
competitive space. 
 
The Business Pathway feature allows users to create 
personalized strategic roadmaps for their startups. Users 
give a quick overview of their business and choose one of 
four strategic models: 

 Financial Projections (revenue projections, cost 
structures, break-even analysis). 

 Marketing Strategies (customer acquisition, 
branding, digital campaigns). 

 Operational Plans (logistics, team structuring, 
workflow automation). 

 Industry Insights (trends, regulatory 
considerations, emerging technologies). 

 
This input is processed in the system utilizing Gemini 2.0 
Flash, a strong but light-weight generative AI model, to 
generate a step-by-step action plan as a visual interactive 
React Flow diagram. Every step presents actionable 
suggestions, estimated time requirements, and the key 
performance indicators (KPIs) with which progress would 
be measured. 
This module assists entrepreneurs in finding unexploited 
opportunities by examining trends across the industry and 
past startup success. When users enter their desired 
industry, the platform works with structured and 
unstructured data sources (e.g., patent databases, 
Crunchbase, news articles) to provide insights like: 

 Potential Unmet Needs and Market Gaps 
(unaddressed customer pains) 

 Promising Market Segments with Growth Potential 
(high-demand niches) 

 Areas Where Current Solutions Are Inadequate 
(weaknesses in current offerings) 

 Patterns in Successful and Failed Startups (key 
success differentiators) 

The Investor Matching module provides the matching 
between startups and would-be investors through 
compatibility. It analyses: 

 Industry Match (preference sectors for investors) 
 Funding History (prior rounds, size of rounds) 
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 Confidence Score (probabilities of funding using 
startup signals) 

Applying collaborative filtering and ranking techniques, the 
site creates a top 5 investor list, showing their profiles, 
highest investment ranges, and confidence scores. Results 
are presented on an interactive Mapbox-based world map, 
enabling users to search investor locations and geographic 
funding patterns. 
An AI chatbot, paired with a properly calibrated LLM 
provides real-time responses to: 

 Business Validation Questions (refining ideas, risk 
assessment) 

 Funding Advice (pitching investors, grant 
opportunities) 

 Market Trends (emerging technologies, competitor 
activity) 

The chatbot uses retrieval-augmented generation (RAG) to 
look up details from the knowledge base of the platform to 
deliver correct and up-to-date responses. It also provides 
user-specific recommendations depending on the startup 
profile and the user's interaction history. 
 

 
Fig. 1. Architecture Diagram 

 
System architecture as shown in Fig. 1. is organized in a 
modular and scalable manner involving a combination of AI 
and data processing units. In the front end, there is a GUI 
created with React.js through which easy access is provided 
to every feature, whereas the back end makes use of Python-
based microservices for processing and analysis purposes. 
Idea Validation and Competitor Analysis modules 
incorporate NLP and similarity functions for comparing 
startup inputs against a professionally curated database of 
industry standards and competitor profiles. For the Business 
Pathway and Market Gap Analysis, generative AI models 
(Gemini 2.0 Flash) produce structured strategies from 
unstructured input, aided by an industry trends and 

historical startup knowledge graph. The Investor Matching 
system is based on a recommendation engine cross-checking 
startup profile with investor databases using geospatial 
mapping visualization.  
 

5. RESULTS 
 

Table -1: Evaluation metrics 
 

Output 

Parameters 

Accuracy for 

Success 

(Startup will be 

a success) 

Accuracy for 

Failure (Startup 

will be a failure) 

Ensemble 

Model (KNN, 

Naïve Bayes and 

Logistic 

Regression) 

93% 93% 

Precision 92% 93% 

Recall 92% 92% 

F1-Score 92% - macro average 

 
The AI-powered Startup Validator has consistent 
performance in all modules. The ensemble model (KNN, 
Naïve Bayes, and Logistic Regression) has 93% balanced 
accuracy in both success and failure prediction for the Idea 
Validation Dashboard, with 92-93% precision and 92% recall, 
showing correct identification of promising startups with 
minimal false positives as shown in Table 1. In Investor 
Matching, the same model has 92% recall in top-5 
recommendations, correctly matching startups with suitable 
investors. In parallel, the AI chatbot also boosts customer 
care through the integration of LLM logic with retrieval-
augmented generation (RAG) to gives precise answers and 
customer satisfaction by context-sensitive and evidence-
based responses. Collectively, these results support the 
capability of the system in entrepreneurial risk reduction 
through information-knowledge based with RAG architecture 
for ensuring accuracy as well as endorsement of pre-existing 
facts in its responses. Subsequent implementations can add 
specialized training by industry and extend the RAG body of 
knowledge even more specifically tailored to specialist 
markets. 
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Fig -2: Web Output 1 

 

 
Fig -3: Web Output 2 

 
 
 

 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Fig -4: App Output 1 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Fig -5: App Output 2 
 
The Idea Validator Dashboard in Innovise provides a 
comprehensive analysis of a startup's potential through both 
web and mobile app interfaces. As shown in Figures 2 and 3 
(web) and Figures 4 and 5 (app), it displays a dynamic idea 
validation score and visual metrics. 

6. FUTURE SCOPE 
 
The AI Startup Validator has a great potential for further 
improvements to be scaled up in terms of capability and 
impact in the future. Maybe one of the areas to improve 
further is applying time-series forecast predictive analytics 
methods to assist in looking into upcoming industry trends 
and providing forward-looking advice to startups. The 
system would be enhanced if it incorporated the aspect of 
support for multiple languages along with region-based 
market-specific integrations to interact with different global 
entrepreneurial ecosystems. Expanding the dataset with 
real-time business performance data from API integration 
with websites like Crunchbase or PitchBook would 
significantly raise the credibility of validation tests. A further 
beneficial extension would be developing mentor matching 
functionality that matches founders with experienced 
advisors based on industry expertise and startup stage. The 
platform could incorporate more sophisticated collaboration 
features, including allowing teams to interactively 
collaborate on their business planning and validation reports 
via the platform. Further, integrating explainable AI (XAI) 
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functionality would also bring more transparency to the 
validation process by clearly presenting how the scores and 
recommendations are being created. These additions would 
make the platform an even more comprehensive, world-
wide innovation hub that supports entrepreneurs every step 
along their journey while maintaining the highest levels of 
data integrity and analytical discipline. 

 
7. LIMITATION 
 
Although the AI-driven Startup Validator is useful for 
entrepreneurs, it does have some limitations that need to be 
recognized. One of the major limitations is the use of 
proprietary and third-party data, since complete startup and 
investor data is not always publicly or freely accessible, 
which can restrict the scope of analysis in certain industry 
sectors. Geographic reach might be biased, since particular 
regional startup networks may not have the same 
prominence in the training set. Currently, the system has 
limitations with respect to dealing with unstructured 
sources such as video pitches or social media opinion, 
preventing it from accepting various validation signals as 
alternatives. The investor matching algorithm cannot 
necessarily keep pace with latest changes in investment 
thesis by venture firms, as these tend to happen quicker than 
dataset refreshes can capture the system delivers uniform 
assessments, it cannot always substitute the fine-grained 
viewpoint of industry-specialist domain experts when 
evaluating highly technical or specialized ventures. These 
constraints arise from intrinsic technical trade-offs between 
scalability and accuracy in computerized validation systems. 

 
8. CONCLUSION 
 
The Startup Validator project with AI successfully created an 
end-to-end entrepreneurial decision support system by 
detailed research and implementation. The project built a 
responsive web application with Next.js, as well as Python 
microservices, and also a cross-platform mobile app 
developed with Flutter to make it accessible on various 
devices. The core innovation of the system is its six coupled 
modules driven by ensemble machine learning models and 
retrieval-augmented generation, underpinned by a strong 
dual-dataset basis integrating proprietary startup data with 
full investor data. The initiative provides important 
contributions both to academic scholarship and real-world 
applications in startup assessment, showcasing how artificial 
intelligence can revolutionize entrepreneurial decision-
making. Though the existing implementation delivers 
significant value through capabilities such as dynamic 
investor matching and generative business planning 
features, it also recognizes significant areas for future 
improvement, most notably in sector-specific 
implementations and real-time data consolidation. The study 
sets a new standard for startup validation tools that are able 
to close the gap between data-driven analytics and human 

insight, providing entrepreneurs globally with a powerful 
platform to evaluate and improve their business ideas. The 
creation of web and mobile applications guarantees that this 
innovative tool has the possibility of reaching maximum 
potential across a variety of usage contexts, ranging from 
thorough desktop analysis to mobile consultations on the 
move. This project not only provides instant utilitarian value 
but also sets significant foundations for potential future 
innovation in AI-driven entrepreneurial support tools. 
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